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Abstract

Computers, like people, must use an internal memory representation in order to
process narratives. By examining this representation we can learn more about how
computers and people understand texts. The task of summarization can aid in this
investigation by providing a tool for examining the global structure of a memory
representation. This report contains an introduction to the plot unit system—a
high level representation well-suited for summariging stories.

Plot units are conceptual structures based on the affective reactions of charac-
ters in a story (called affect states). By encoding a story into its component affect
states and their connections we can derive a plot unit graph for the text. Structural
features of the graph then reveal which concepts are central to the story, and which
are peripheral. Plot units appear to capture the salient aspects of the internal rep-
resentations used by people when performing tasks requiring a thematuc analysis,
and have potential applications in other areas of natural language processing such
as inference and natural language generation.
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Section 1: Understanding and Representation

1.1 Representational Systems for Text Understanding

If a computer is to be said to understand a story, we must demand of it the same
demonstrations of understanding that we require of people. When a person reads a story,
an internal representation for that story is constructed in memory. For a computer to
read and understand a story, it too must represent the story’s content in memory. We
can test both human and computer understanding by using various natural language tasks
such as answering questions or summarization. Each task will help us examine a different
piece of the understanding process and the underlying representation. Question answering
provides us with a method for examining the contents of the memory representation, but
tells us very little about how it is structured. We can only guess at how the various pieces
fit together. Summarigation, on the other hand, requires concentration on the central
elements of a story while ignoring peripheral information. As such it provides an excellent

tool for investigating the global structure of a memory representation.

A variety of techniques for representing the information (both explicit and implicit) in
narratives have already been proposed including predicate calculus formalisms (Kintsch,
1974; Woods, 1970), case grammars (Rumelhart & Norman, 1975; Fillmore, 1968; Wino-
grad, 1972; Graesser, 1981) and systems of decomposition into primitives (Schank, 1975;
Wilks, 1978; Lehnert, 1979). None of these systems alone can adequately represent the
many facets of a large memory structure. Since we often find it necessary to deal with
such large representations, there is clearly a need for a new approach. To handle these
problems we must turn to multi-layered representations, where the various levels specialize
in describing aspects of the text ranging from physical events to general thematic patterns
(Dyer, 1983). In this chapter we will present a model for narrative summarization. Our
model includes a high-level representational system for story content which is particularly
well suited for summarizing stories. This system of plot units will allow us to see not only
how such a memory representation might be structured, but also how it can be used in a

process model for generating summaries.



1.2 Understanding and Inference

What does it mean to understand something we’ve read? Does it mean the same
thing to say a computer “understands” a text? A narrative is more than the sum of
its individual sentences; readers supply their own inferences (Reiger, 1975; Schank &
Abelson, 1977; Wilensky, 1980), idiosyncratic interpretations and personal belief systems
(Carbonell, 1978) during the understanding process. A tremendous amount of knowledge
is needed to understand even a simple sentence. For example, to fully understand the
sentence “Tod hit Bill.” we have to know more than the definitions of the words used. We
expect that Bill felt pain and that Tod was probably angry at him. We also know that Tod
probably didn’t punch Bill in the knee—the upper body is a much more likely target. These
default assumptions come about as a result of our combined lexical, linguistic and general
world knowledge, and may be further refined by idiosyncratic experiences and situation
specific information. If we had just read that Tod and Bill were boxers or karate experts,
our corresponding assumptions would change dramatically. It has been estimated that the
ratio of implicit information derived from a text to explicit information present in the text
is something like 8:1 (Graesser, 1981). If a text understander (human or otherwise) is not

generating these inferences, we cannot say in what sense that text has been understood.

It is widely conceded that concepts from a text must be stored in memory in some form
other than the original sentences, although there is no general agreement as to what this
form must be. The necessity of including the inferences generated in story understanding
as well as the explicitly present information, has forced us to move away from sentence-
driven propositions (Kintsche, 1974) to a more integrated representational scheme (Dyer,
1983). In addition to describing the physical events and situations mentioned in the
text, we must also be able to handle inferred goals, likely plans to attain those goals,
and affective reactions of characters in the narrative. While sentences will continue to
be a necessary starting point, the conceptual information which we must represent will
also depend strongly on causal relations and typical character interactions present in the

narrative.



1.3 Computer Modelling of Human Understanding

It may at first seem strange to study computers in order to learn more about human
understanding and memory representation. Why don’t we just study people? The answer
to this has many parts. First of all, people are “black boxes.” We can ask them to perform
some task and observe what they do, but we cannot get inside their heads to see what is
actually going on. By constructing computer models of what we believe is happening in a
person’s mind, we can not only check the model’s behavior against the human subject’s,
but we can also examine its inner workings. Computer models are easy to manipulate. By
changing a few parameters we can experiment with the limits of our model and our theory.
And we often find that we learn a great deal simply through the process of implementing
our model. To program a computer to behave according to our model we must specify
each segment of our theory, each rule and each step with great precision. This mandatory

level of detail forces us to be very exact about what our model involves.

The cycle of theory formation, implementation and refinement is never ending. After
we have implemented our model in a computer and tested our prototypes, we must return
again to human subjects for verification. From our observations of human experiments we
can then refine our theory and adjust our model. In this way each process helps the other.
The knowledge we gain from psychological experiments on human information processing
helps us to build better and more capable computer models, and our experiences with
these programs give us more understanding of human information processing. In our
examination of the summarigation process in this chapter, we hope to gain more insight

into the phenomena of human and computer understanding.



Section 2: The Plot Unit Representational System

2.1 Affect States

Plot units are constructed from smaller entities called affect states. We use affect states
to represent a character’s mental plans, goals and reactions to external events. Affect
states do not attempt to describe subtle or complex emotions; they merely mark gross
distinctions between “positive” events (represented by a +), “negative” events ( — ), and
“mental” events of neutral affect (M). At first glance it may seem that such a simplified
representation of affect cannot be of much use in narrative processing tasks. This is
probably true for tasks like generating inferences or question answering which require in-
depth understanding to be successful. But constructing a summary necessitates a loss
of detail. While we do not contend that this system is adequate to fully represent the
vast range of human emotion, it is nevertheless instructive to see how far this very simple

scheme can take us in our search for summarization algorithms.

As we process a story we construct an affect state map—a sequence of chronologically
ordered affect states for the characters in the story. Each affect state occurs with respect
to a single character, so events involving more than one character require multiple affect
states. Thus if Jason is in an accident and breaks his arm, we can assume that this event
is negative for him, while Linda (who despises Jason) may experience his accident as a

positive event.
2.2 Causal Links

We indicate the different relationships between various affect states with pairwise
causal links, the second component of plot units and affect state maps. For example,
a link which runs from a negative event to a mental state describes motivation, while a

link running from a mental state to a positive event describes actualizing a goal.
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link used to indicate link used to indicate
motivation actualisation

To make such distinctions explicit we employ four separate link types: motivation (m),
actualization (a), termination (t) and equivalence {e). M-links describe causality behind
mental states and a-links indicate intentionalities behind events. T-links indicate a change
over time. We use t-links with positive and negative states when the affective impact of an
earlier event is displaced by a reaction to a later event. The use of a termination link does
not necessarily indicate that the initial event itself has been terminated. It is important to
remember that t-links refer to affective reactions and not directly to events. Thus Brenda’s
marriage to Tom may be a very joyous event for her, but when she discovers Tom is having
an affair, her anger may “terminate” her prior happiness, but not the marriage itself. T-
links connecting mental states indicate that a prior goal has been displaced, signifying a
change of mind. E-links describe multiple reactions to or perspectives on a single event
when used with positive and negative states, but represent the reinstantiation of a previous

goal when used with mental states.

We impose some syntactic restrictions on the use of causal links to constrain them to
our intended meanings. Since we intend m-links to represent the motivation underlying
mental goals and plans, they must point to a mental state. Similarly, since a-links indicate
intentionalities behind events, they must point from a mental state to a positive or neg-
ative event. These two restrictions are the same as those placed by Schank (1975) in his
representation of action-state causal chains. In this segment of Conceptual Dependency
theory, Schank notes two constraints on how mental states and actions may be linked: 1)
states or acts can initiate mental states (equivalent to restrictions on m-links; anything
can motivate a mental state) and 2) mental states can be reasons for actions (equivalent

to restrictions on a-links; actualizing a goal produces action). T-links and e-links must
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point from an event to an event, or from a mental state to a mental state as they indi-
cate relationships between like kinds of affect states. These constraints reduce the set of
legal pairwise configurations of our three affect states and four link types from 36 possible

arrangements to 15 legal arrangements.

e ")

m-link indicates a-link indicates
motivation for a goal intentionality
(must point to an M-state) (must point from an

M-state to a 4 or —)

Causal links have been given a temporal orientation for intuitive convenience. M-links
and a-links point forward in time (down the affect state map) from an antecedent to its

consequence. With t-links and e-links the pointer goes back in time since each implies a

reference to a previous affect state.

) e

t-link indicates e-link indicates
change over time different reactions
to a single event
(must connect (must connect
like states) like states)
2.3 Cross-Character Links

In addition to the four links used to connect affect states for a single character, we

also use a cross-character link (c-link) to connect affect states experienced by two different
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characters. While c-links preserve the temporal order of an affect state map, they have
no inherent orientation. Cross-character links can connect any combination of states and
events across two characters, and like e-links, their interpretation depends on the specific

affect states involved.

Events which result in positive or negative reactions for the second character give us
one kind of c-link interpretation. Here we are able work with only two general templates:

positive-reaction and negative-reaction.

?\ ?\
+ -
positive-reaction negative-reaction

In labeling such events we do not distinguish among the many different affect states which
could occur in the initial position, causing the specified reaction. Different events in the
text will yield different configurations, however, each having a slightly different interpre-
tation. A preceding mental state represents a speech act such as a threat or promise,
while a preceding positive or negative state indicates a situation involving two characters’
reactions to a single event. Thus, the example above of Linda’s glee over Jason’s broken

arm might be represented as:

Jason Linda

—\+

Often a character will initiate a goal state as a direct response to another charac-

ter’s situation. Configurations of this type make up the second group of cross-character

interactions.



+ - M

~y ~ ~

M M
external- external- external-
enablement problem motivation

In the case of external-motivation, the resulting mental state usually occurs in response to a
request. The responding character may agree to the wishes of the instigator, or may oppose
them. This configuration does not commit us to any assumptions about the contents of
the two mental states or how they are related. In the cases of external-enablement and
external-problem, we have mental states brought on by vicarious events. For example, a
desire to celebrate is normally enabled by a positive event while a desire to help out is

typically motivated by a negative event.

In the same manner that we represent shared reactions or goals for two characters, we
can also indicate how three or more characters respond to a given event. In all such cases
we will consider these states to occur in response to a single event. So if three characters
share a goal state, we use three M-states c-linked together. If two characters have a positive
reaction to some event and a third experiences a negative reaction to the same event, the
affect state map would inculde two positive states and one negative state c-linked across.
When such a configuration arises, we treat the c-links as if they were “transitive,” enabling
us to represent the interactions between all pairs of characters using a minimum number of
links. So in the example below, this configuration represents not only external motivation

between Ken and Sue and between Sue and Debra, but also between Ken and Debra.

Ken Sue Debra David Joe Barb

M -

T~—u T~—



This interpretation becomes important when intervening affects states would otherwise
prevent us from realizing a certain relationship was present. Thus in the example above,
if David’s success angers Joe but thrills Barb, we can recognige Barb’s positive reaction to

David’s triumph only if we permit the transitive interpretation of c-links.
2.4 Primitive Plot Units

The 15 legal configurations of two affect states connected by a single link plus the five
two-character pairs listed above form the set of primitive plot units. Each unit’s name
is meant to be suggestive of its interpretation, although they should not be taken too
literally.

See Appendix A for list of primitive plot units

Some Examples

Enablement: A positive event motivates a goal

You inherit some money and decide to buy
a house

Motivation: A goal motivates a subgoal

You want to buy a house so you decide to save
money

Success: A goal is successfully actualized

You want to save money and then you do

Pailure: A goal is unsuccessfully actualized

You want to save money but end up spending it

Problem: A negative event motivates a goal
You get fired and need a job
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Resolution: A positive event terminates a prior negative one

You get fired, but then are offered another job

Loss: A negative event terminates a prior positive one

You are offered a job, but then they give it to
someone else

Perseverence: Reinstantiation of a goal

You reapply to a college after being rejected

Change of Mind: A new goal terminates a previous goal

You want to go to Yale, but then decide to go to
Harvard

While the set of primitive plot units contains all the possible relations between affect states,
they do not, by themselves, give us all the recognition abilities we need. Just as we build
the set of primitive plot units from affect states and links, we can now construct more

complex plot configurations using the primitive units as building blocks.

2.5 Complex Plot Units

Complex plot units are made up of over-lapping configurations of primitive plot units.
But unlike the set of primitive plot units which consisted of every possible arrangement
permitted by the syntax of links and affect states, the complex plot units correspond only

to situations commonly found in narratives.

Since many stories are about a protagonist’s attempts to solve a problem we need to
construct plot units to represent the various possible attempts and outcomes. For example,
if a character realizes an initial success, only to have it terminated by a later loss we have
the fleeting success plot unit. If this loss motivates the character to try for the same goal
again we have a case of starting over. But if an attempt fails, resulting in a change of
plans, we get giving up.

10



Fleeting Success Starting Over Giving Up

M)a

M + M
Ye. Ve |e Ja
+5, - L
m
_ ) M )"‘ M)
= success = success = failure
& loss & loss & problem
& problem & change of mind

& perseverance

Other complex plot units dealing with goals and outcomes include top-level failure (a
subgoal is achieved, but one fails in achieving the top-level goal), both intentional problem
resolution and fortuitous problem resolution (differing only in the intentionality behind

the positive outcome) and half loaf (a goal is only partially achieved).

Intentional Fortuitous
Problem Resolution Problem Resolution
of Md” L
) ‘
+ +
Top-level Failure Half Loaf
M
m
M2 "
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Frequently a character will develop rather intricate plans to achieve a goal. This level

of detail can be represented by the nested subgoals and sequential subgoals plot units.

Sequential Subgoals Nested Subgoals

M

o
M M

)o. e )m
+ M

2% )
M ) " +
M +
o

+

A great many important events occuring in narratives involve multiple characters, so
it is not surprising that a large number of complex plot units also involve more than
one character. Some of the most common of these are those that involve cooperative
agreements and behavior. In the simplest case, a request is made and responded to. The
respondent may cooperate (honored request), refuse (denied request) or fail in an attempt

to fulfill the request (bungled request).

Honored Request Denied Request Bungled Request
M

M\ N M\
a < l:)a, a I:)a. a( l\_d)a.
+/ - -
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In some cases, the agreement or promise itself is sufficiently interesting to be included
in an affect state map. Of course, we also need to be able to represent the eventual outcome

of such an agreement—did the respondent fulfill the promise?

Promise Honored Promise Reneged Promise
M M
M\ * ( \+ a.< \+
a M + +
. S \+ N

Competition, retaliation and reward serve as the basis for many storylines and therefore
also occur commonly as plot units. In the case of competition, two characters must each
be pursuing a unique goal (Obviously, if they both desired the same outcome they would
not be in competition with each other.) The critical component of competition is that
one person’s success must result in the second person’s failure. Two drivers attempting
to win a race is a clear example of competition. In both the retaliation and reward
plot units, an unspecified external event either negatively or positively affects a second
character. When this reaction is negative, the responding character instantiates a goal to
retaliate. Successfully actualizing this goal produces the desired negative reaction in the
first character. Similarly, when the initial event yields a positive reaction, that character
forms the goal of rewarding the instigator. This time, achieving that goal results in a

positive reaction for the starting character.
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Competition Retaliation Reward

In addition to cooperative and antagonistic reactions, people often respond in unso-
licited ways. The act of setting up and carrying out a plan to please or hurt another
individual yields either the kind act or the malicious act plot unit. When the second
character acts to alleviate a problem state for the first character, we get unsolicited help.

In all of these cases we assume that no specific request is made.

Kind Act Malicious Act Unsolicited Help

M M
m Im )
). 2 e T
- - t L
~., ~., N

We sometimes come across situations where more than one affect state configuration
seems to capture the desired thematic interaction. If one of the drivers mentioned before
wins the race only to be disqualified when his opponent files a complaint, we maintain
a sense of competition even though the failure component has been replaced by fleeting

success. Unsolicited help can also incur a slight modification. If Peter offers to help Bob

14



get his car started because he needs to ride into work with Bob that day, we still have a
case of unsolicited help since Bob has not requested any assistance. Here Peter is acting to
alleviate both Bob’s problem and his own, so we substitute intentional problem resolution
for success in our definition of unsolicted help to arrive at the new version of this plot
unit. These “flexibly defined” plot units capture the thematic sense of an interaction even
when slight variations occur in the action. The substitutions used here—fleeting success
for failure and intentional problem resolution for success—are common ones and can be

used in many different situations, while still preserving the gist of a particular plot unit.

Competition-2 Unsolicited Help-2
M -
M o \_
Im
t M
o + ) o
+ t +

~

- +

2.6 An Example

The best way to see how the different components (affect states, causal links, primitive
and complex plot units) are used is to walk through a quick example. By comparing
the story, the affect state map and the explanation below, one should be able to get a
feel for the system. (For a more detailed treatment of guidelines and heuristics used in

constructing affect state maps see Brooks, 1984.)

The History Project

Jennifer and Allison both had a crush on Mark. Since they were all in the
same history class, it was natural for Mark to ask Jennifer to help him with
his class project. Jennifer was afraid, however, that if Mark thought of her
only as a study partner, he wouldn’t consider her for a date, so she turned
him down. Mark didn’t know what to do. With only three days left before

15



the project was due he was afraid he’d never get it done in time, Allison,
overhearing the conversation with Jennifer, volunteered to help Mark with
his project. Naturally, Mark was quite relieved. As they worked together
on the project, Mark discovered that he really liked Allison’s company, so
he asked her to go with him to the big rock concert that weekend. When
Jennifer found out, she realized how mistaken she’d been.

Affect State Map

Mark Allison Jennifer
M bas crush
M has crush
needs partner M )'\
M wants to be “date”
o m )°~
-+ says no

tnmed down -— <77
" M hears problem

what to do? s M )d- o N
+ volunteers help
Allison volaateers + —
realizes she’s great - (M
asks her out @ C +
\ +

\ gets asked out

- realizes mistake

Explanation

The story begins by stating a goal for each of the three characters. Jennifer and
Allison want to date Mark while he wants to complete his history project. We represent
these goals with mental states. When Jennifer refuses to help Mark we have an example

of a denied request, motivated in this case by her previously stated goal. This instantiates
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a problem for Mark since he now has no one to work with. Allison’s crush on Mark
motivates her offer of assistance. Since Mark did not plan this as a solution or request
her help we represent this with the unsolicited help and fortuitous problem resolution plot
units. Mark’s gratitude prompts him to reward Allison by asking her out. With this act
Allison’s initial goal of dating Mark is achieved, thwarting Jennifer’s plans and establishing
her as the victor in their competition over Mark. We further note that although each girl
realized her subgoal, Allison was successful in achieving her top-level goal (giving us the

nested subgoals unit) while Jennifer was not (resulting in top-level failure.)
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Section 3: Summarisation from Plot Units

Now that we have some familiarity with the plot unit representational system, let us
examine how such a scheme can be used for narrative summarigation. This process involves
several steps beyond constructing an affect state map. These are (1) recognizing all the
plot units present in the map, (2) sifting out the “top-level® plot units, (3) building a con-
nectivity graph and (4) using structural features of this graph to identify the components
from which we can generate a summary. In this section, we will present each of these steps
in more detail as well as discuss the various factors that can influence the structure of this

graph, and therefore the summary itself.
3.1 Identification of Plot Units

The recognition of plot units proceeds from the top to the bottom of the affect state
map (Lehnert & Loiselle, 1083). As we encounter each affect state in the map, we form
predictions for the states and links we expect to encounter next. These predictions take
the form of demons which attempt to recognize plot units by matching the states and links
in the map with templates for the anticipated plot units. We form predictions only when
we have seen enough structure to justify such expectations. Thus when we encounter an
M-state in the map, we only form predictions for the primitive plot units with an initial
M-state. When we recognize a primitive unit such as success, we form predictions for
complex plot units which begin with the success configuration. By ordering our predictions
hierarchically, we minimige the search time spent considering possible structures. Once we
have identified all the plot units in a given affect state map we proceed to construct the

plot unit graph.[1]
3.2 The Plot Unit Graph

As we have seen in the “History Project” story in section two, plot units can overlap

with one another at shared affect states. When a plot unit totally envelops a smaller unit

[1] In actuality, the identification of top-level plot units (discussed in the next subsection) occurs concur-
rently with the recognition of all the units present in the affect state map.
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we say that the smaller unit is subsumed by the larger plot unit. (We have seen this
before—complex plot units subsume the primitive units from which they are built.) We
use the “top-level® plot units (those units not subsumed by any other unit) to construct
the plot unit graph.[2] Each top-level plot unit is represented by a node in the graph.
Nodes are linked together when two plot units overlap at at least one affect state. We
say that two such nodes are related. Two plot units or nodes are connected if they are
related, or if there is some path through any number of related units which joins them.
This partial affect state map from the “History Project” story shows how plot units can

overlap and subsume one another.

turned down

!
\ '
M | hears problem
+ o
' + | volunteers help
L N ;% -
Allison volunteers | L —ni _ct ________ - _.I
realizes she’s great ! :- M _‘l l
| | a( | Svacess I
asks her out I ' + I
I | B —j\ |
+ | gets asked out
L . _rward ~

In this map the reward plot unit subsumes the smaller success unit while unsolicited help
and reward overlap, sharing two positive affect states. The plot unit graph for this partial
map contains two nodes linked together, representing the two overlapping units. Success

does not appear on the graph since it is subsumed by the reward plot unit.

By using structural features of the resulting graph we are able to identify the critical

[2] Primitive plot units may still rise to top level in a given affect state map if they are not subsumed by a
larger unit, although by convention, the dyadic (cross-character) primitives are not included in the plot
unit graph, even when they appear as top-level units.
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nodes in the plot unit graph. It is these nodes which contain the units central to the
narrative and from which we can generate a summary. The process of identifying these
critical nodes forms a retrieval algorithm for summariging the given narrative. Different
types of stories will produce different plot unit graph structures. We have identified three

core classes, each with corresponding retrieval algorithms (Lehnert, 1983).
3.3 Structural Classes of Plot Unit Graphs

One class of graphs exhibit unique nodes of maximal degree. We label such a graph a
“simple cluster.” While this class seems to be restricted to smaller graphs, we can reliably
look to such pivotal nodes for the concepts most central to the story as a whole. Here
we use the maximal node to generate a baseline summary, augmented by the concepts
contained in the immediate relatives of that node. Let us look at a simple example to see

how this might proceed.

The Broken Engagement

Doug was thrilled when Becky accepted his engagement ring. But when
he found out about her father’s illegal mail-order business, he felt torn
between his love for Becky and his responsibility as a policeman. When
Doug finally arrested the old man, Becky called off the engagement.

20



Affect State Map

Becky Doug
loves Doug M
M loves Becky
Q )"
-+ engagement
engagement +
- discovers crook
Jm
L 3 M ) o waats to eaforce law
t + t arrests father
father arrested - /
m(
wants reveange M
o(
+

engagement off
\ _ engagement off

Plot Unit Graph

o 0 1. Success (Becky)
2. Intentional Problem Resolution (Doug)
(2) (4) 3. Positive Trade-Off (Becky)
4. Retaliation (Becky against Doug)
0 5. Fleeting Success (Doug)

The plot unit graph for this story is a simple cluster. The node representing the retal-
iation plot unit has maximal degree and is therefore the central concept for our summary.

This seems to match our intuitive sense of the story’s main point as well, but a summary
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containing only that idea would be too weak. We need to augment this unit with its
immediate neighbors to produce an acceptable summary. Leaving out any one of these

units out will weaken the summary:

Becky got back at Doug for hurting her.

(retaliation only)

When Doug arrested Becky’s father, she interfered with his wedding.
(no trade-off for Becky)

When Doug arrested an old crook, Becky called off their engagement.

(no retaliation)

When Becky’s father was arrested, she called off their engagement.

(no fleeting success for Doug)

But a summary that includes all four plot units provides an accurate description of the

story:

When Doug arrested Becky’s father, she called off their engagement.
(all units present)

As stories get longer and more complex, the top-level plot unit graphs follow suit.
Here we often encounter graphs with multiple pivots (nodes of maximal degree). This
class of graphs can be further divided into smaller subsets, each group still having its own

summarigation algorithm.

In one subset are the graphs where the maximal nodes provide the key concepts for
summarigation, much like the simple cluster graphs discussed above. This is especially
common when the pivotal nodes are adjacent to one another. The “History Project” story
falls into this class.



The History Project

Jennifer and Allison both had a crush on Mark. Since they were all in the
same history class, it was natural for Mark to ask Jennifer to help him with
his class project. Jennifer was afraid, however, that if Mark thought of her
only as a study partner, he wouldn’t consider her for a date, so she turned
him down. Mark didn’t know what to do. With only three days left before
the project was due he was afraid he’d never get it done in time. Allison,
overhearing the conversation with Jennifer, volunteered to help Mark with
his project. Naturally, Mark was quite relieved. As they worked together
on the project, Mark discovered that he really liked Allison’s company, so
he asked her to go with him to the big rock concert that weekend. When
Jennifer found out, she realized how mistaken she’d been.

Using the affect state map in section 2.6, we can derive the following plot unit graph:

Denied Request

Fortuitous Problem Resolution
Unsolicited help

Reward
Nested Subgoals

Top-Level Failure
Competition
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Nodes 3 and 4 (unsolicited help and reward) both have maximal degree and therefore

are the critical nodes for this graph. A simple summary that contained only these units
might be:

Mark asked Allison out (reward) after she volunteered to help him with his
history project (unsolicited help).

This summary feels better than the one generated from the critical node in the “Broken
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